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Multi-task twin support vector clustering algorithm
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[ Abstract] Multi—task learning is a learning paradigm that uses other tasks to improve task generalization performance. The twin
support vector machine clustering is one of the powerful clustering methods, in order to improve the performance of the twin support
vector clustering, inspired by multi —tasking learning, the model is extended to multi —task learning scenarios, multi—task twin
clustering support vector machine algorithm is proposed, cluster center planes is determined by solving a series of quadratic
programming problems. The experience and theory of learning multiple related tasks at the same time show that the multi—task twin
support vector clustering algorithm has good clustering performance compared with learning each task independently.
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