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High blood lipid assisted diagnosis system based on BP_K-C4.5 algorithm
FANG Kebang, ZHANG Yunhua
('School of Information Science and Technology, Zhejiang Sci—Tech University, Hangzhou 310018, China)

[ Abstract] With the development of society and changes in people ‘s lifestyles, the emergence of disease cannot be ignored.
Quality medical services for this situation were essential. Therefore, a hyperlipidemia—assisted diagnosis system is designed based on
the BP_K-C4.5 algorithm. The theoretical basis of this system is; first, use the BP neural network algorithm to select features for
the data set, and then build a K-C4.5 classification prediction model. Because BP neural network algorithm has the advantages of
strong self—adaptation, fault tolerance and self—organization, the comprehensive improved classification prediction model reduces the
complexity of the algorithm and enhances the stability of the algorithm. Experimental results show that the improved algorithm has
higher classification accuracy and efficiency. The hyperlipidemia assisted diagnosis system designed based on the improved algorithm

can well assist in medical diagnosis and bring convenience to medical staff.
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Fig. 1 BP neural network model
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Fig. 2 Average recognition rate of hidden layer nodes
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Fig. 3 Comparison of classification accuracy of the algorithm
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Fig. 4 Comparison of experimental sensitivity of the algorithm
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Tab. 1 Classification results of BP_K—-C4.5 algorithm model

] SrSUER /% RIGE/ % AT/ s
PGS
C4.5 KNN  K-C4.5 C4.5 KNN  K-C4.5 C4.5 KNN  K-C4.5
diabetes 75.42 72.67 79.86 77.26 74.32 80.26 4.6 5.0 4.7
Heart Disease 77.65 74.97 78.20 79.34 75.60 79.40 5.8 6.2 5.6
Hepatitis 86.23 86.31 89.80 80.50 80.64 82.27 5.2 5.3 5.0
Liver Disorders 87.21 85.65 90.21 78.86 79.37 81.06 8.1 7.6 6.9
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Fig. 6 Framework of a hyperlipidemia classification and mining
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