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Weight mutli-task least squares twin support vector machine
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[ Abstract] Based on relaxation constraint analysis of the traditional multi — task support vector machine, it is found that the
traditional relaxation constraint of multi —task support vector machine have limitations. Therefore, this paper adds a weight to
relaxation constraint item, and proposes the weighted multi—task least square support vector machine. The experimental verification
shows that the weighted least squares multi—task double support vector machine by weighting parameters increases relaxation range,

effectively improves the classification effect.
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Tab. 1 Dataset information
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Monk 7 432 2 3

ASD 21 704 2 3
Dermatology 34 366 6 3
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Tab. 2 Average classification accuracy results on 3 datasets
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Dermatology 90.08 +12.62 1.35 95.44 +5.64 4.17 97.76+2.39 3.24
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