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[ Abstract] Diabetes, hypertension and cardiovascular and cerebrovascular diseases are called three killers of human health , which
not only posed a serious threat to the patient’s life and health , but also caused a serious economic burden to the patient’s family.
Accurate prediction of diabetes has profound implications. In this paper, five methods including KNN, Support Vector Machine,
Logistic Regression, Random Forest and Integrated Learning are used to predict diabetes data, and the accuracy rates of 71.86% ,
72.29% , 74.46% , 71.87% and 76. 62% are achieved respectively. The results show that the integrated learning has the best

prediction effect and its excellent performance is verified.
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Tab. 1 The performance comparison of different classifiers

WERIEH  WERI%/%  Precision  Recall F 1} AUC

KNN 71.86 0.66 0.46 0.54  0.717

SRRl 72.29 0.66 0.47 0.55 0.718

A 74.46 0.71 0.48 0.58  0.791

BEHLAR R 71.87 0.70 0.37  0.49  0.782

Voling 76.62 0.79 0.47  0.59  0.802
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Fig. 1 The ROC curve of different classifiers
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