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Research on software defect prediction algorithm based on transfer learning

HE Jinhu, WU Xianghu, QU Mingcheng
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[ Abstract] Software defect prediction technology can be used to predict the existence of software defects and the number of
possible defects to determine whether software can be delivered. It is of great significance for software performance improvement and
quality assurance. Transfer learning can use the data in different software projects to perform software defect prediction work across
projects to solve the problem of insufficient data in traditional defect prediction algorithms. This paper first expounds the current
theoretical research and classification of defect prediction and transfer learning, then optimizes the existing TrAdaboost algorithm,
modifies the evaluation index of the iterative classifier, and proves its rationality and superiority by combining experiments.
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Fig. 1 Metric element, prediction result and software

quality relationship diagram
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experimental results
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